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H gvvola tn¢ tuxaiac petaBAntne — TM
(Random Variable-RV)

Muwa tuyaia petapAntiy (TM) x, eivat plo petafAntn tn omoiag ot
uetapfolec odeilovtal otnv tuyxn/tuxatotntoa. M TM  pmopet va
BewpnBel w¢ pwa ocuvvaptnon n omolo aAvoBeTeL Lol TR OTO
QTMOTEAECHO €VOC Telpapatoc. Na mapadewypa, o€ €va MeEipapa
pldng vouiopatog n TM x, umopel va AafeL TG TLpeg x; = 0 av to
QTTOTEAEOUA TOU TELPAUATOG €lvOL KEQAAL koL x, = 1 av eival
yoauuata.

Mua TM Ba SnAwveToL WE X, EVW OL TLUEC TLC OTIOLEC AapPAVEL PETA
TNV EKTEAEON €VOG TELpAaTOG Ba dnAwvovtal we x (mathmode
italics).

Mua TM meplypadetal e OPOUC EVOC CUVOAOU oo mBavotnteg av
Ol TIMEC TIC elvol OLAKPLTEC N HME OUVOPTACELS TIUKVOTNTOLC
nibavotntac - probability density function (pdf) -av ot TluEC
AopBavovtal ortovdnmote os eva dlaotTnua.



MBavotnta (OpLopot)

e Yyetiwkn ovyvotnta (Relative Frequency): H
riiBavotnta P(A), evoc yeyovotog, A, elvol To 0pLo:
P(A) = lim 24

n—oo M

OTIOU: N €lval 0 GUVOALKOG apLlBUOG TTELPAUATWY KaL N,
elvall 0 aplOpoc Twv popwv Mou cUVEPN To yeyovog A.

na
n

e XTnV mpakn av 1o n eival peyaio: P(4) =
— Mpocoxn oto TL onpaivel (n ueyaio) eldka av n

rniBavotnta P(A) sival pkpn.

* Quoko meplexopevo: H mBavotnta eival eva
LETPO TNC aPfeBalotnTac oe oxXEON LE Eva YEYOVOC.



MBavotnta (OpLopot) (N

A&LWATIKOC OPLOULOC:

— 1933 Andrey Kolmogorov.

— Oewpla cuvoAlwv Kal Bewpla peTPRoEWV.
— Me ta akoAovBa 3 aflwpata oAa ta Ao elval EUKOAQ...

H riBavotnta evog yeyovotwy A, P(A) elvall Evac pn
apvNTIKOC aplOuoc (P(A) = 0).

H riiBavotata evoc yeyovotoc C, mou eival BePato
oTL Ba oupPet etva ton pe 1: P(C) =1.

Av dUo yeyovota A, B eival apolBola anokAslopevao
TOTE N rbBavotnTta Tou va cUUPEL N To €va 1 To AAAO
(A U B) bivetat amo:

P(A U B)=P(A)+P(B)




ALaKpLTEC TUYOLEC LETABANTEC
Discrete Random Variables

* Mo ATM X, pumopel va mapeL ormoladNmoTe TLUN
QTO EVOL TIEMEPAOUEVO CUVOAO TIHWV X.

— H mBavotnta tou yeyovotocg "X = x « cupoAiletal
w¢: P(x =x) n P(x).

* YnoBetovtag otL OV pumopouv va cupBouv 2
vevovéta Tautoxpova oto X Kol c')u TO TElpapLaL
TIOVTO ETILOTPEPEL PO TLUA: > P

— O Ywpo¢ X ovopAaleTol «o 6£Lvuatu<oq Xwpoc- sample
space»



ALaKpLTEC TUYOLEC LETABANTEC
Discrete Random Variables

* ATO KolvoU niibavotnta (Joint propability): H
kolwvn rmbavotnta dvo yeyovotwv A kot B va
ouppBouv amo kowouv, P(A4,B).

* EotwbvoTMXx E X, yEY.

Tote o akoAouBoc kavovoc aBpolopatoc:

P(z) =Y P(x.y).

TEY



ALaKpLTEC TUYOLEC LETABANTEC
Discrete Random Variables

Yo ocuvOnkn miBavotnta - Conditional
probability: H urmto ocuvBnkn niBavotnta evoc
yeyovotoc A, dedopevou OTL eval AAAO YEYOVOC
B, xeL oupBel, cupPoAiletal we P(A|B) kaut
oplleTal wC:
P(A, B)

P(B)

P(A|B) :=

Kavovag ywopevou: P(A, B) = P(A|B)P(B).



ALaKpLTEC TUYOLEC LETABANTEC
Discrete Random Variables

* O KovovaC TOU YIVOHEVOU yLa U0 TUXOLEC
HETABANTEG X,y: P(x.y) = P(x|y)P(y).

* OLP(x), P(y) ovopalovtal meplOwpLAKEG
(marginal) miBavotntec.

* JTatlotikn avetaptnoia: Avo TM x and vy,
XOPOKTNPL{OVTOL WC OTOTLOTLKA OVEEAPTNTEC
Qv KOlL LOVO QV:

P(x,y) = P(x)P(y), Vr € X, y € ).



ALaKpLTEC TUYOLEC LETABANTEC
Discrete Random Variables

Plzly) = P(y|x)P(x)
« Edooov: P(x,y) = P(y,x) ouvayetat: = 7 Ply)
oy Plly)Py)

P(ylr) = Plo)

e Qswpnua Bayes:
— MoAU onuavtiko Bewpnua otnv Mnyovikn Mabnon,.

e To 6. Bayes AeeL otL: H afefaiotnta onwc ekppaletal amo
TNV UTo ouvonkn rmBavotnta P(y|x) plac petaBAntnc
e€odu y, bedouevnc TNC TUNC HLOC ELOOOOU X, UTTOPEL vaL
eKbpaOTEL e TOV avartodo TPOoTo:

— AMNS, pe tnv umo ouvOnkn aBeBaotnta P(x]|y) kot Tic dvo
neplOwplakec ritBavotnteg P(x), P(y).



uvexeic TM
(Continuous Random Variables)

Mua 2TM X, pmopet va AaBeL omotadnmote TN
O€ €va TIPAYUATIKO dtaotnua tou R.

Oplopol:

H cUGOWPEUTLKI OCUVAPTNON KATOVOLLAG —
(cumulative distribution function-cdf):

Fy(z) := P(x < x).
H cdf elvat n mBavotnta tou dtakpltov
YEYOVOTOC: “n HeTtaPAnTA X AotpBAVEL TIHEC
LULLKPOTEPEC N loec amo x”

Apa: P(;Ifl < X § ;172) = E‘{(;Iﬂ) — E‘{(Il)'



uvexeic TM
(Continuous Random Variables)

* OQewpwvtag TNV F (x) wg dradopioun n
ouvaPTNON MUKVOTNTOC MLOVOTNTOC
(probability density function -pdf)
oUUBOALlETOL E HLKPO p Kol OpileTal WC:

L dR()
px(T) 1= —— =
o
T(')TE: P(;Ifl < X g ;172) — / I}K(;If)d;r-
J I
KoL Fy(z) = / px(2)dz.



uvexeic TM
(Continuous Random Variables)

* KaBwc eva yeyovoc eivat BePato otL Ba
ouuBel oto SlaoTnua —oo < x < 00 EXOUUE

OTL:
—0C
/ Px ( ;IT) dr = 1.

J —0o0

* [Mpodavwc LoYVouV Kal Ta atkoAovOa:

| (a0, 1 | Too
plzly) = A : 'j). = / p(x,vy)dy.
P(\UJ J —00




Meéeon twun, Aloomopa Kot cuv-dLaoTopa
(Mean, Variance and Covariance)

* AUO SLACNMEC TTOOOTNTEC TTOU oXeTL(OVTOL UE
uo TM x elval;

+ 00
— H p€on twun (mean): E[x] := / rp(x)dz.

+ 00
— H Swaomopa (variance): o :/ (z — E[x])°p(z)dz.

+ (Av eixope Swokpreeg TMy): BRI = 3 aP(@).

+00
e [evikotepa yia pa f(x) @ E[f(x)] = / f(z)p(x)d.



Meon tun, AlaoTtopad Kot cuv-6LaoTopa
(Mean, Variance and Covariance)

 H p€on tun o€ oxeon pe 2 TM:
E[X‘. Y} ‘= EX [Eﬂx[f(xf Y)H :

* Opolwc n ouvdlakupuavon (covariance):
cov(x,y) = E|(x - E[x])(y — E[y])]

* H ouoyetwon (correlation):
rzy = E[xy| = cov(x,y) + E[x|Ely].

* Eva tuyaio étavuopa (random vector) sivat pa
oUAAoyn tuxaiwv petafAntwy x = [x,, x,, ..., xI|"
KOLL N OTTO KOLWVOU Katavoun Touc cupBoAileTol wc:

ple)=plry,....x7), = |r1,..., ;r.g]T.



* O mivakac ouv-6loKULaVoNC EVOC TUXOLOU
Stavuopatoc X € Rl sivadt:

Cov(x) =

Cov(x) := E|(x — E[x]

cov(x1. %)

cov(x1. x1)

cov(x1. %))

cov(x1, x1)

)(x — E[x))'],

* O mivakac ouoxETLONC EVOC TuXaloU
Stavuopatoc R, = E [xx'] .

R, =

Elxq,x1]

E[xi, x1]

Ex1, x|

Elxi, x|

= Cov(x) + E[x]E[x].




aij; diz2 - Ayl

(: (19 B a9y
21 : E x = [11,20,...,1]"

Av: A —

L an a4y
' T Ap — S l e
Tots: € AL = D iei Zj:1 UAjjLily
Av 0 A elvall CUPUETPLKOC:
T A e o2 [ [

Av o A Stayoviog: gl Az = S a2

1=



a1

a21

* Av A=

| A1

a2 -+ Ay
oo A9y T = [:1"1 . :I‘z )
aro (] _

* O A oplotika BeTIkog (un apvnTtkoC) (positive

definite) av:

vl Az > (>)0



Meon tun, AlaoTtopad Kot cuv-6LaoTopa
(Mean, Variance and Covariance)

* |6lotntec: O mivakac A (N Z) TnC ouv-
Slakupavonc Kabwc Kat o Tiivakag TN
OUOYXETLONC €lval positive semidefinite.

* ‘Eva rtivakac eivat positive semidefinite av:
* Evac mivakac eivat positive definite av:

yl' Ay >0, Yy e R,



Metaoxnuatiopol twv TM
(Transformation of Random Variables)

Eotw X, y buo tuyaia dtavuopoto mou oxetilovtal

LLE TNV akOAouBn oxéon: y=f(x);

Oewpou e OTL N ouvaptnon f elvat avtiotpePLun,
SAS mavta prmopoupe va: x=F1(y).

Agdopevng tng pdf p, (x) propet va detytet ot

w(y) = e )
Py Tdet(T(y: x))

z=f"1(y)

Orou J elvat o lakwBLavoc niivokac tou

LLETOLOXNUATIOUOU:



O lakwpravog mivakag
Py\Y) = det(J(y:x))|

px(x)

TOU MET/HOU 2=f-1(y
: 0y yeoy) | .
(1, %2 1) Iy Oy

det(.) elvaln opillovoa evoc rivaka kat |.| n
QTTOAUTN TLUN.
[l TNV mepimtwon 2 petaBAntwv:

__;&(I)
— ‘d

_py(y)

=

I~y
!

‘ z=f~1(y)



MNapadeypa

* Eotw otLta duo tuyala Sltavuouata X, y
OUVOEOVTOL LUE EVA YPOAUULKO LETAOYXNMUOTLOUO
LEOW EVOC avTloTpEPLUoU Tivaka A: y=AX.

* H Jacobian: J(y;x) = A.

’ }}X(‘rl_lm
e Tote: p}’(y): \det4\ )




MNapadelypota SLOKPLTWY KOATOVOLLWV

Bernoulli katavoun

* Mepypadel Eva tuyaio meipapoa pe duo
riBava amoteAeopata (emtuyio =1,
arotuyilo=0) kat tibavotnta emLtuyLog p.



MNapadelypata OLAKPLTWY KOTAVO LWV

Bernoulli katavoun : Mwa TM €xeL Katovoun
Bernoulli av etvait Svuadikn oto X={0,1} pe:

P(x=1)=p; P(x=0) =

Aépe 6L x~Bern(x|p) pe:
P(x)=Bern(x ; p) := p* (1-p)’~

Meon tun: Efx] = 1p + 0(1 —p) = p.

Maoriopd: “r =1 —p)p+p (1 —p) =p(l —p).



ALWVU LKA KATOVOUN

* Meplypadel Eva tuxaio meipapa pe SUO
rnibava amoteAeopata (emtuyio - amotuyia)
KoL TtilBavotnta emituyioc p mou
enoavalapBavetot n popEc.

o AswypatoAnyia pe emavadopa.

e Av n dswyuatoAnyia etval xywplc emavadopa,
n tuyola petaPAntn mov dnAwveL tov aplBuo
TWV AgUKWV proAwv akoAouBel
TNV UTTEPYEWMETPLKN KOTOLVOLN.



MNapadelypata OLAKPLTWY KOTAVO LWV

* H dtwvupikn katavoun (binomial): Mua TM akoAouBet
TNV SLWVUMLKN KOTOVOWN WE TIAPOUETPOUC: N, p:
x~Bin(x|n, p) av X={0,1,...,n} ko

P(x = k) := Bin(k|n,p) = ( ;f )p;"(l —p}”_;‘*. E=20.1,...,. n.

* Napadeypa: Me tnv AK povteAomoloUpe Eval Meipapa
rnoAAamAwv pigPewv .. EVOC VOULOUOTOC UE 2
evOEXOUEVAL.

— ETOL, YUTTOPOUE VA LOVTEAOTIOL)OOUE TOV apLlOpo
ePavioEWV TOU YEYOVOTOG: «KOPWVAY OF
emmavaAapBovopeva elpapata piPng Evoc Voulopnatoc
omou P(«kopwvay) = p.



Awwvuuikn Katavoun

* Qewpoupe pa KAAmn pe K Aevkec pmaAec kot N-K
LotV pEC.

— H mBavotnta va tpaBnéoupe pio Asukn pumada eiva
p=K/N.

* TpaBape pra-pa Tig UIAAEC Ao TNV KAATN
emavatonofetwvtac Tc KaBe dopa Mow oTNV KAATIN
(beypatoAnyia pe emavadopa) LEXPL VAL
Tpafnéoupe n pmaAec.

o Zntape tnv mBavotnta ot k amo avtec va eival
AEUKEC.

T

P(X = k) = (k)p"‘“(l —p)" .



MNapadelypata OLAKPLTWY KOTAVO LWV

* H SLWVUULKN KOTOWVOULN ELVOLL LD YEVIKEUON
Nnc¢ katavounc Bernoulli av 6€ocoupe n = 1.

* H peon tun ko n dLaomopd tnG SLWVULLKAG
KOTOWVOLLNC ELVALL :

E[x] = np. and 62 = np(1 — p).



0.3

0.2 |

01 ¢

Awwvupikn Kotavoun

I p=04n=9

0.8

CDF

0.6

0.4

02r

ol ———=a
o —a

=] &
[w

01 2 3 4

3

4

5 6 7 8 9



[MOAUWVUMLKN KATOVO LN
(Multinomial Distribution)

* Elval n yevikeuon tn¢ SLwVULLLKNC KOTOWVOLLNC.
* To amoteAeopa (evOEXOUEVO) KABE TIELPAUATOC
dev elvat Suadiko aAAQ UITOPEL VO TTAPEL pLaL

arno K duvateg TIHEC:
— M.x: Avti va pléoupe eva vOpLOUQ, PLXVOUUE Eva
(apl pe K tAevpecg (K evdexopeva).
* KaBe eva amo ta K (E,=«1», E,=«2»,
..., E,=«K») evbexopeva exeL mBavotnta P,
P,,..., Py va oupBetl. Auto cuppoliletal wg:



[MTOAUWVU LK KATOVOULN
(Multinomial Distribution)

* EOTW OTL KAVOUME N TIELPOUOTOL

 EmiBupoupe va vrtoAoyiloupe tTnv iBavotnta
tou akpLBn mAnBoug {x,, x,, X} va epdaviotel To
kaBe eva amo ta K evdexoueva E,=«1», E,=«2»,
vy E=«K».

* To tuxaio dtavuopa X = [x;, X,,..., X, ]" akoAouBel

TNV TOAV WVU KN Katavoun Xx~Mult(x|n; P):
K

P(x) = Mult(xz|n, P) := ( o n | ) prlflh
o oy B iy 'K !

...... P



[MOAUWVUHLKN KATOVO LN

P(::E) = Mu|t(:;13‘-;f.P] — ( ; ; " [ ) HP;H‘
.'1..'='} '17,_; v

- 1=1

Ormouvu:

n n!
1.9, .... LK ri1lzo! . . oK)



[MTOAUWVU LKA KOTOVOUN

* MéoegTIHEG: E[x] = nP,
o Alao'nopéq: 0';2 —nP.(1—PF,). k=1,2..... K,

* JUVOLAOTIOPEG: cov(x;.x;) = —nPP;. i # j.



Opowopopdn Katovoun

(Uniform Distribution)
* Mua TM X, aakoAouBel Tnv opoopopdn
Katavoun o€ eva dtaotnua [a, b]: x~U(a,b) pe
a>-ooandb<+ o0, av:

EJ—F'I

L ifa<ax<hb.
0 otherwise.

plz) =

]
=
_|_
o

b2
—




TuTtika TopadelyLato. KATOVOUWY LE
OUVEXELC KOTOVOUEC

H Gaussian Katovoun
(The Gaussian Distribution)

1.0
| H=0, 0%=0.2, ==—_
| A [I=0, O?=10, == 1
| H=0, O0%=5.0, == |
- H=-2, 02=0.5, ==
~ 0.6
e
o — | ]
s
S 04
0.2
0.0
1 | 1 L | 1 1 | 1 L | 1 1 | 1 L | 1 1 | 1 L | 1 1 | 1 L | 1
5 4 3 2 1 0 1 2 3 4 5



H Gaussian Katavoun
(The Gaussian Distribution)

* H KOWVOVLKN KOTOVOUN OTTOTEAEL TNV TILO CNUOVTLKN KOTOVOUN
TNC otatlotkNe pebodoloylac yia toug €€nc Adyouc:

— Tnv KovovLKn Katovourn akoAouBouv eite pe akpifela eite pe
LLEYAAN TIPOCEYYLON TO TIEPLOCOTEPO CUVEXN DALVOUEVAL.

— MoAAEC aouve)eic kKaTtavouEC TBAVOTATWY UITopouV va
NMPOOCEYYLOTOUV HECW TNC KOVOVLKNC KATOLVOUNC.

e [ mapadetypa toAAd MANBUCHLAKA XOPAKTNPLOTLIKA, OTtwG To VYOG, TO
Bapoc n BadpoAoyia o€ Staywviopa, K.AT.

— H kawvovikn Katavoun anoteAel cUUPWVA LE TO KEVIPLKO OPLAKO
Bewpnua tn Baon Tng OTATIOTIKAC CUMTIEPACHUATOAOYLAC
ETIOY WYLKNC OTATIOTLIKAG.

— Tuyxata opaipota mov epdavifovtal o SLAPOPEC LETPNOELG
£XOUV KOVOVLKI KOTAVOLLN.

* ' auto to Aoyo n Kavovikn katoavopn avadEpetal TOAAEC GOPEC Kl WG
KOTAVO U 0paAUATWVY.



H Gaussian Katavoun

* Mua TM akoAouBel tnv Gaussian 1 KovovLKN
KOTOLVO I KE TIOPAUETPOUC W, 0%: X~N(W, 02) N
N(x |, 02) av: 1 @ —

p(x) = N exp (— 5 )




Gaussian TTOAAWV PETOBANTWV
(Multivariate — Joint normal distribution)

* [evikevon tnc Gaussian 1 KOVOVLKNC

KOTOLVOLN G O€ TIOAAEC SLO.OTAOELC: XER':
X~N(x|p,2):

1 B
p(x) = (27)l/2| x| 1/2 exp ( - 5(33 N “’)TZ l(w - N))v




Gaussian MoAAwv petapAntwv

* looduvapikec ertidavelec (isovalue curves) twv
multivariate Gaussians:

— Ot Looﬁuvauu«-:q srucbavsteq artoteAovvtol amno T

ONUEL EKELVOL TOL OTTOLOL OVTLOTOLXOUV OTNV LoLa TN
tn¢ pdf, A0., p(x) = c.

(z—p)' T (@—p)=c

* OLLOOOUVOLLKEC ETILOAVELEC ELVOL TETPAYWVLKNC
duonc: kUKAoL (uTtep-odaipeg) N eANeLPELC
(urtep-eANeLPOELON) LE KEVTPO TNV LECN TLUN.

e OLaéovec Twv LOOOUVALKWY ETILHAVELWV

kaBopilovol amo ta WOLodlovUopaTa Kot TLE
LOLOTLUEC TOU 2.



Gaussian MoAAwvV petaBAntwv

Y = o?] Z#JQI

H amodeién...



To oxnua twv Gaussian

* Ta onueila pLog LooOUVALKNC ETILHAVELOC
LKaLVvoTtoLoUV Tnv oxXeon: -
(@ — p) T (@ — ) = ¢

* O mivakac ouvdlakupavonc 2 eivat positive definite
Kol symmetric: 2= 2",

— EtoL oL LOLOTIMEC TOU €lval TIPOAYUATLKEC (Kol BETIKEC) Kol
Ta avtiotoya Wblodlavuopata PmopouV va EMLAEYOUV

£TOL WOTE va dtiagouv eva opBokavoviko cuotnua
OUVTETAYUEVWV.

— Q¢ anoteleopa £xoupe tTnv Staywvormnoinon
(diagonalization), tou mivaka 2:

Y =UAU?T



Aloywvoroinon (diagonalization), rmivaka 2
Y =UAU"

* U:=[u,,..., u;] onou:
—u,1=1,2,..,/ ta opBokavovika blodlavuopata.
— O ntiivakac U eivat unitary (6AS: UUT = UTU =1).

— A:i=diag(A, A,,.., A;,) va elval evag dLoywviog
TILVOLKOLC LE OTOLXELA TLC AVTIOTOLXEC LOLOTLUEC.

* Avy := U'(x-p) tote:
(e—p)"'Z @—p)=c Z=UAU"

kat y' Aty =c,



y := U'(x-p)

* AVTIOTOLXEL O€ Lo TEPLOTPODI TWV OEOVWV

kata U Kol pLa LLETATOTLONCG TS oPpXNC OTO M.
yT;’\_ly = .
) ;
91 .
N + ...+ \, C.
Yriep-eAAewpoeLldéc oto RL
KevipaplopeEVo O0TO |
O kuploL agoveg apaAAnAol e ta uy,..., U,

To peyeboc twv agovwyv kabBopiletal amo TLg
QVTIOTOLYEC LOLOTLLEC.



|6LoTNTEC Gaussian

* Av o Z elvol Olaywvlog: ¥ = diag{o?,.... 07},

— OL tuyoliec petaBAntec mou amoteAouv 1o SLavuoua X
£lvOll OTATLOTIKA AVEEAPTNTEC.

— To nopamnavw dev eival mavta aAnbEc.

— [evikQ, oL acuoXeTLoTEC peTaBAntec dev eival
avayKoio Kol oveEAPTNTEC.

— H aveéaptnola eivatl moAv 1o toxupn cuvonkn.

e Av 02 E'LVOLL SLQVUI)VLOC: JuvOnkn yla statistical

independence.

[ : l
1 (Ii — ;L.E')z
p) = =—exo (- —55)  pl@)=][]p).




3 SLOyWVLOG HE 01 % > 0,
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2 OLaAyWwVLOC UE T4

2 1N SLaywvioc
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(a) 0 +=0-=1,/3,,=0

(B) 0 4>=0,2=0.2, 0,,=0

(Y) 04°=0,%=2, 01,=0

(0)a . *—02 6,22 0,,—0
(€) 0 ,2=2, 0,2=0.2, 04,=0
(oT) 042=0,2=1, 04,=0.5
(0) 6 12=0.3, 0,°=2; 0,5=0.5

(n) 0 ,2=0.3, 0 ,2=2, 04,=-0.5



To Kevtpiko OpLako Oswpnpua
(The Central Limit Theorem)

* Qewpnoate N avetaptnte¢ TM x;,i =1, ...,N

— KaBe pio akoAouBel tnv 1KLL TNC KOTOVOUA UE
uéon T W, kaL Staomopd 0;%,i = 1, ..., N

— Opiloupe pa vea petafAntni va eival to
aBpolopa TouG: X = IiV=1 X;

e TOote n peon TN Kot N SLaoTopa TNC VEOC
netafAntnc Slvovtat amo:

N N
— , 2 __ 2
= E (i, and o = E o;.
=1 1=1



To Kevtpiko OpLako Oswpnpua
(The Central Limit Theorem)

* Mrnopel va amodeLyTel OtL:

— Av N — 00 TOTE N KATAVOUN TNC KAVOVLKOTIOLNUEVNG
petaBAnTng

X — [

Y =
)

— Telvel otnv Kavovikn katavoun N(z|0, 1)

* To Oewpnpua Kevtpkov Oplovu eival Eva oo ta
TILO CNMAVTIKA BEWPAUOTO OTNV EMLOTAMN TNC
rlavotnTa Kot TNC OTATLOTIKAC Kot EENVEL gV
HEPEL TN OnuoTIKOTNTA TNC Gaussian KOTOVOLLAC.



To Kevtpiko OpLako Oswpnpua
(The Central Limit Theorem)

e JTNV MPAEN, OLKOUN Kol e TO aBpoLopa EVOC
OXETIKA HLKpOUL MANBou¢ tuxaiwv petaBAntwy,
LLTTOPEL KAVELC VAl ATTOKTNOEL (Lol KOAN
nPooEgyylon o€ Gaussian.

e [la yLa tapadelypa, av oL pepovwpevec pdf
glvoll A PKETA OMAAEC KOl OL TUXOLLEC
uetaBAntec eival (iid), Tote €vac aplBuoc
HeTalL 5 kat 10 petaAnTwy UMOpEL va lvor
ETLALPKNC.



To Kevtpiko OpLako Oswpnpua
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Sum of two i.i.d variables from a uniform in [-1,1]

(The Central Limit Theorem)
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Sum of twenty five i.i.d r.v from a uniform in [-1,1]



H EkBetikn Katavoun
(The Exponential Distribution)

Aexp (—Ax), ifxz >0,
PN A0; B = { 0. otherwise.

e H ekBeTikn Katavoun p.T[OpEL va uovre?\onomcst TOV XpOVOo usta&')
TNAEDWVIKWV K)\r]oewv N TOV XpOVO HETAEL TwV adiéewv evog
Aewdopeiov o€ pia otaon.

1.0

|-



H katavoun Bnta

(The Beta Distribution)

* x~Beta(x|a,b): Mua TM x € |0,1] €xeL katavoun
Brta pe BETIKEC MapPALETPOUC a,b av:

0 otherwise,

* Onou n B(a,b):

1
B(a,b) := / 2711 — 2)"Ydz, and B(a,b) =
0

* Katl: -
['(a) / v e d.
0



H katavoun Bnta

Efx] = — . o2 — @b
a+b T (a4 b)2(a+b+1)
231 a=p=05 —
a=5pf=1 —
agm]l fm3 —
5 1 a=2pf=2 —
a=2,f=5 —
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H katavoun MNopa
(The Gamma Distribution)

b* _.a—1,—bx ,
* x~Gamma(xla,b) ) ] r@ < o=l
0 otherwise.
03 3k ) L L L LA L L L
i k=10.8=2.0 .
i k=2.0.8=20 E
04 H k=30.8=20 E
II| k=50.68=10
| k=9008=05
0.3 - I'ul k=75.8=10 a - a
\ k=05 68=1.0 E X| = — T —_ —.
02 \ E X R ¥
0.1 —

o2 4 & B OID 12 14 16 18 20

The gamma distribution also takes various shapes by varying the parameters. For a < 1, it is strictly decreasing
and p(z) — ccasx —+ 0and p(xz) — 0 as x — oc.



